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Abstract

In recent years, Al of board game has been developed. Particularly,
since it can be applied to economics, medical planning, etc., what is called
incomplete information game like poker has been studied in recent years.
However, in order to solve effective hands, enormous calculation is neces-
sary. Therefore, Al using Nash equilibrium which is effective for solution
selection of incomplete information game was created. However, since it
took a huge amount of processing time at that time, we realized high-
speed multiplayer poker AI by parallelizing it using CUDA which is the
SDK for GPGPU provided by NVIDIA. As a result, the winning percent-
age was improved up to 3 times as much as the conventional method, and
the processing speed could be increased up to 15.8 times faster.
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